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TECHNICAL CHALLENGES

INCOMPLETE GRID BIG DATA SENSOR DETECTION
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PRIVACY AND DATA GOVERNANCE

INEXACT LOCATION AGGREGATED VIEWS
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OBJECTIVES

REPURPOSE DIFFERENTIATE VISUALIZE SCALE UP AND
SENSOR TYPES OF TRAFFIC WITH A DEPLOY
NETWORK CRUISING HEAT MAP
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FEATURES

NUMBER OF TIMES PATH CROSSED
AVERAGE SPEED
MAX SPEED
STANDARD DEVIATION OF SPEED
NUMBER OF LONG STOPS
PERCENTAGE OF TIME DRIVING

PERCENTAGE OF TIME WALKING
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DEFINING CRUISING

PROBLEM

NO STANDARD DEFINITION OF
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SOLUTION
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INDICATORS
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ACCURACY: 96.6% ACCURACY: 91.4% ACCURACY: 97.1%
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IDENTIFYING FOR-HIRE VEHICLES

FOR-HIRE VEHICLE EXAMPLE

4 LARGE GAPS IN READ TIMES (5 TRIPS)
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CRUISING IN DOWNTOWN SEATTLE

As part of The Data Science for Social Cood Program at The University of Washington,
the Traffic Cruising Team has produced a heatmap to identify cruising in the
downtown Seattle area.
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CRUISING IN DOWNTOWN SEATTLE

As part of The Data Science for Social Good Program at The University of Washington,
the Traffic Cruising Team has produced a heatmap to identify cruising in the
downtown Seattle area.
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CONCLUSION
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YEAR-ROUND OBSERVATION OF CRUISING
PATTERNS

CITY OF SEATTLE BENEFITS

SAME SYSTEM CAN BE APPLIED TO OTHER
CITIES
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CLASSIFICATION

MODEL

ACCURACY

AUC_ROC

PRECISION

RECALL

F1_SCORE

DECISION TREE

0.966 +/- 0.000

0.933 +/- 0.000

0.993 +/- 0.000

0.868 +/- 0.000

0.926 +/- 0.000

LOGISTIC
REGRESSION

0.925 +/- 0.001

0.870 +/ 0.001

0.921 +/- 0.001

0.762 +/- 0.001

0.834 +/- 0.001




FEATURE IMP

NUMBER OF TIMES PATH CROSSED 0.3442
AVERAGE SPEED 0.1191
PERCENTAGE OF TIME DRIVING 0.1694
HOUR 0.0101

MAXIMUM SPEED 0.0442

STD DEV OF SPEED 0.0556

STOPS O - 2 MIN 0.0323

STOPS 10 -15 MIN 0.0126

STOPS 15+ MIN 0.0377

TIME PERCENTAGE CHILLING 0.0906

TIME PERCENTAGE WALKING 0.0351



SENSOR DETECTION RATE
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PARKING TUE MORNING PARKING SAT EVENING
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